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Abstract
We consider turn-based stochastic two-player games with a combination of a parity condition
that must hold surely, that is in all possible outcomes, and of a parity condition that must hold
almost-surely, that is with probability 1. The problem of deciding the existence of a winning
strategy in such games is central in the framework of synthesis beyond worst-case where a hard
requirement that must hold surely is combined with a softer requirement. Recent works showed
that the problem is coNP-complete, and infinite-memory strategies are necessary in general, even in
one-player games (i.e., Markov decision processes). However, memoryless strategies are sufficient
for the opponent player. Despite these comprehensive results, the known algorithmic solution
enumerates all memoryless strategies of the opponent, which is exponential in all cases, and does
not construct a winning strategy when one exists.

We present a recursive algorithm, based on a characterisation of the winning region, that gives
a deeper insight into the problem. In particular, we show how to construct a winning strategy to
achieve the combination of sure and almost-sure parity, and we derive new complexity and memory
bounds for special classes of the problem, defined by fixing the index of either of the two parity
conditions.
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1 Introduction

Turn-based games provide a simple model for the synthesis of system components satisfying a
given specification. A component is viewed as a player trying to achieve a winning condition
defined by the specification, regardless of the behaviour of other components. Abstracting
the other components as a combination of an adversarial and stochastic environment gives
rise to the standard model of two-player stochastic games played on graphs [19, 20], where
the vertices of the graph are partitioned into system, environment, and stochastic vertices.
Starting from an initial vertex, a play is an infinite path in which the successor of each
vertex is chosen by the player owning that vertex (for system and environment vertices) or
according to a probability distribution (for stochastic vertices). In general, strategies define
the choice of the players, which may depend on the sequence of previously visited vertices,
called the history. The synthesis of a component corresponds to constructing a strategy for
the system that maximizes the probability to win (i.e., to satisfy the winning condition),
regardless of the strategy of the environment.
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34:2 Algorithm and Strategy Construction for Sure-Almost-Sure Stochastic Parity Games

We consider specifications described by parity conditions, which are canonical to express
all ω-regular requirements on plays [28, 15], with the property that memoryless optimal
strategies exists for both players [12, Theorem 1.2], maximizing the probability to win
without having to remember the history of the game. Deciding which player has a winning
strategy in parity games lies in NP ∩ coNP [12, Corollary 1.1], but no polynomial-time
algorithm is known for that problem, even in non-stochastic games. Improved bounds and
quasi-polynomial algorithms exist though [22, 8, 23, 24].

In component synthesis, a natural requirement is to ensure that the winning condition
holds with probability 1, called almost-sure winning. For example, to send a message over
a network that may lose messages with a fixed probability p, a strategy is to keep sending
the same message until delivery, which is almost-sure winning because the probability of
delivery failure after k attempts is vanishing, as pk → 0 when k → ∞. An even stronger
requirement is that all possible outcomes, no matter their probability should, satisfy the
specification, called sure winning. This corresponds to the worst-case scenario where the
choices at both environment and stochastic vertices are purely antagonistic. Sure winning is
typically used for critical requirements, while almost-sure winning is used to ensure good
performance in a stochastic environment. Specifications that combine both a sure and
almost-sure parity condition have been considered recently [5, 13], as a fundamental instance
of the framework of synthesis beyond worst-case [7]. For such specifications, games are
determined [13, Theorem 5] and the synthesis problem is coNP-complete [13, Corollary 7];
memoryless strategies are sufficient for the environment player [13, Theorem 6], and infinite
memory is necessary for the system player [5, Example 1], even in MDPs (Markov decision
processes, i.e., games with no environment vertices).

Despite these comprehensive results, the picture is not complete. The first issue is
algorithmic. The coNP algorithm [13] is to guess a memoryless strategy for the environment
player, and then to check that the system player is losing in the resulting MDP (using
determinacy), which can be done in NP ∩ coNP [5, Theorem 15]. In practice, enumerating
the memoryless strategies for the environment is always exponential, thus inefficient. Another
related issue is the construction of a winning strategy for the system player, which is central
in the context of synthesis. Only in the case of MDPs, the structure of (infinite-memory)
winning strategies has been described [5, Definition 10]. However, the current solution of
the synthesis problem for games gives no clue about how the system should play in order to
satisfy the specification. We argue that these issues reflect the lack of a deeper insight into
games with a combination of sure and almost-sure parity conditions.

Contribution. We outline the main contributions of the paper.
We present a recursive algorithm for deciding the existence of a strategy that is both sure
winning for a first parity condition, and almost-sure winning for a second parity condition.
The algorithm computes the winning set of the system player in worst-case exponential
time. The correctness is established using characterisations of the winning sets for each
player, and gives a better insight into the structure and properties of such games.
We obtain a precise description of the winning strategies for the system player, and how
to construct them by switching between simple (memoryless) strategies, and repeat them
for long enough using unbounded counters. Intuitively, a strategy that is only almost-sure
winning for both parity conditions may have violating outcomes, but representing a mass
of probability 0. Eventually switching to a sure-winning strategy for the first parity
condition is necessary to ensure all outcomes satisfy that condition, however possibly
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at the price of violating the second condition. The crux is to switch so rarely that
those violating outcomes represent a mass of probability 0, maintaining the almost-sure
satisfaction of the second parity condition. A similar idea works in MDPs, combining
strategies that almost-surely visit certain end-components [5]. However, the extension to
stochastic games is non-trivial as the notion of end-components no longer exists in games.

As a consequence of the new algorithm and analysis, we get new bounds on the complexity
and memory requirement of subclasses of the problem, involving the parity index (i.e., the
number of priorities defining a parity condition). When either of the two parity conditions
has a fixed index, we show that the synthesis problem becomes solvable in NP ∩ coNP;
when both have a fixed index, the problem is in P. When the sure condition is coBüchi,
memoryless strategies are sufficient for the system player, and when the almost-sure
condition is Büchi, finite memory is sufficient. This gives a tight and complete picture,
as it is known that the combination of a sure Büchi and almost-sure coBüchi condition
requires infinite memory, already in MDPs [5, Example 1 & Theorem 18].

A technical result of independent interest is the construction of a deterministic parity
automaton (DPW) equivalent to the intersection of two DPW, with a blow up that is
exponential only in the parity index of either of the two DPW. Beyond the product of
the state spaces of the two automata, the blow up is by a factor

√
min(dd2

1 , d
d1
2 ) where

di (i = 1, 2) is the parity index of the i-th automaton. Our solution is not particularly
involved, but we could not find a construction with this property in the literature. The
construction is crucial in proving that the synthesis problem is in NP ∩ coNP when one
of the parity conditions has a fixed index.

Related work. Synthesis of strategies that satisfy a combination of multiple objectives that
arises naturally in many applications, such as verification [1], planning [21], and AI [26]. In
non-stochastic games and thus for sure winning, combinations of parity objectives [10] and
of mean-payoff objectives [29] have been considered. In stochastic games, the quantitative
analysis of multi-objective conditions saw very little progress, in particular for Boolean
objectives (such as the parity condition), and the known positive results hold for reachability
objectives or subclasses of games [14, 4]. As observed in [5], combinations of quantitative
objectives is sometimes conceptually easier than Boolean objectives. Almost-sure winning for
multiple quantitative objectives has been studied in the case of mean-payoff conditions [9]. The
framework of beyond-worst-case synthesis was initially studied with quantitative objectives
such as shortest path and mean-payoff [7].

We already discussed the results that are closest to our work [5, 13]. We note that the
notion of limit-sure winning (i.e., winning with probability arbitrarily close to 1) has also been
considered in combination with sure winning, and the synthesis problem is coNP-complete,
where the coNP bound is obtained by guessing a memoryless strategy for the environment
player, and then solving an MDP with sure-limit-sure parity condition, which is shown
to be polynomial-time reducible to the sure-almost-sure problem in MDPs [13]. Boolean
combinations of sure and almost-sure winning have been considered for MDPs [3]. A natural
extension would be to consider arbitrary probability of satisfaction (instead of probability 1)
in combination with sure winning. This question is solved for MDPs [5], and remains open
for games.

Omitted proofs are available in the extended version [16].
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2 Preliminaries

2.1 Basic definitions

A probability distribution on a finite set V is a function d : V → [0, 1] such that
∑

v∈V d(v) = 1.
The support of d is the set Supp(d) = {v ∈ V | d(v) > 0}. We denote by D(V ) the set of all
probability distributions on V . Given v ∈ V , we denote by 1v the Dirac distribution on v

that assigns probability 1 to v.
A stochastic game G = ⟨V, (V1, V2, V♢), E, δ⟩ consists of a finite set V of vertices, mutually

disjoint (but possibly empty) sets V1, V2, V♢ of respectively Player 1, Player 2, and probabilistic
vertices such that V = V1 ∪ V2 ∪ V♢, a set E ⊆ V × V of edges, and a probabilistic transition
function δ : V♢ → D(V ). We denote by E(v) = {v′ | (v, v′) ∈ E} the set of all successors
of a vertex v ∈ V , and we require that every vertex has at least one successor, E(v) ̸= ∅
for all vertices v ∈ V , and that Supp(δ(v)) = E(v) for all probabilistic vertices v ∈ V♢. The
decision problems in this paper are independent of the transition probabilities, and therefore
stochastic games can be specified by giving only the partition (V1, V2, V♢) and the set E of
edges. A Markov decision process (MDP) for Player i is the special case of a stochastic game
where one of the players has no role, that is V3−i = ∅.

The game is played in rounds, starting from an initial vertex v0. In a round at vertex
v, if v ∈ Vi (i = 1, 2), then Player i chooses a successor v′ ∈ E(v) (which is always possible
since E(v) ̸= ∅), and otherwise v ∈ V♢ and a successor v′ ∈ E(v) is chosen with probability
δ(v). The next round starts at vertex v′. A play is an infinite path v0, v1, . . . such that
(vj , vj+1) ∈ E for all j ≥ 0. A history is a finite prefix of a play. For τ = v0, v1, . . . , vk and
j ≤ k, let |τ | = k+ 1 be the length of τ , define Last(τ) = vk, and τ(j▷) = vj , . . . , vk. Given a
function Ω : V → Z defined on vertices, define Ω(τ) = Ω(v0),Ω(v1), . . . ,Ω(vk) the extension
of Ω to histories.

A strategy for Player i (i = 1, 2) in G is a function σi : V ∗Vi → V such that (v, σi(τv)) ∈ E

is an edge for all histories τ ∈ V ∗ and vertices v ∈ Vi. A play v0, v1, . . . is an outcome
of σi if vj+1 = σi(v0, v1, . . . , vj) for all j ≥ 0 such that vj ∈ Vi. We denote by Out(v, σ)
the set of all outcomes of a strategy σ with initial vertex v, and by Out(v, σ1, σ2) the set
Out(v, σ1) ∩ Out(v, σ2). We denote by Prσ1,σ2

v0
(or simply Prσi

v0
in the case of MDPs for

Player i) the standard probability measure on the sigma-algebra over the set of (infinite)
plays with initial vertex v0, generated by the cylinder sets spanned by the histories [2].

A strategy σi uses finite memory if there exists a right congruence ≈ of finite index (i.e.,
that can be generated by a finite-state transducer) over histories such that τ ≈ τ ′ implies
σi(τ) = σi(τ ′).

An objective is a measurable set ψ ⊆ V ω of plays. Given a priority function
Ω : V → N, we consider the classical parity objective Parity(Ω) = {v0, v1, · · · ∈ V ω |
lim supj→∞ Ω(vj) is even} and denote by Parityc(Ω) = V ω \ Parity(Ω) the complement of
that objective (which can itself be defined as a parity objective, using priority function
Ω+1 where Ω+1(v) = Ω(v) + 1). Büchi objectives are the special case of priority functions
Ω : V → {1, 2} that require visiting priority 2 infinitely often, while coBüchi objectives are
the special case of priority functions Ω : V → {0, 1} that require visiting priority 1 only
finitely often. A key property of parity objectives is prefix-independence: θ ∈ Parity(Ω) if
and only if τθ ∈ Parity(Ω), for all θ ∈ V ω and τ ∈ V ∗. Given a set U ⊆ V and priority p ∈ N,
we denote by U(Ω, p) = {v ∈ U | Ω(v) = p} the set of vertices of U with priority p, and
by πΩ≥p(τ) the sequence obtained from Ω(τ) by removing all priorities smaller than p. For
example, if τ = v2v3v1v3v4v1v3 and Ω(vi) = i, then πΩ≥3(τ) = 3343.
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va

(1, 0)

vb

(1, 0)

vc

(2, 0)

vd

(2, 1)

Figure 1 An MDP where the combination of sure Büchi and almost-sure coBüchi requires infinite
memory [5]. Each node v is labeled by the pair of priorities (Ω1(v), Ω2(v)), inducing a (sure) Büchi
condition to visit a vertex in {vc, vd} infinitely often, and an (almost-sure) coBüchi condition to
visit vd finitely often.

A strategy σ1 of Player 1 is sure winning for objective ψ from an initial vertex v if
Out(v, σ1) ⊆ ψ, and almost-sure winning if Prσ1,σ2

v (ψ) = 1 for all strategies σ2 of Player 2.
Note that sure winning for ψ immediately implies almost-sure winning for ψ (not the converse),
and that a strategy that is almost-sure winning for ψ1 and for ψ2 is almost-sure winning for
ψ1 ∩ ψ2 (here the converse holds).

We consider the sure-almost-sure synthesis problem for parity objectives, which is to
decide, given a stochastic game G with initial vertex v and two priority functions Ω1,Ω2,
whether there exists a strategy σ1 of Player 1 that is both sure winning for objective Parity(Ω1)
and almost-sure winning for objective Parity(Ω2). We call such a strategy sure-almost-sure
winning (assuming that the game G, initial vertex v, and priority functions Ω1,Ω2 are clear
from the context). We call the set of all initial vertices for which such a strategy exists the
sure-almost-sure winning region, and we call the complement the sure-almost-sure spoiling
region. Sure winning regions and almost-sure winning regions are defined analogously.

It is known that finite-memory strategies are not sufficient for sure-almost-sure winning,
already in MDPs with a combined sure Büchi and almost-sure coBüchi objective [5], as
illustrated in Figure 1 (in figures, Player-1 vertices are shown as circles, Player-2 vertices as
boxes, and probabilistic vertices as diamonds). There is a strategic choice only in va. Surely
visiting infinitely often a vertex in {vc, vd}, and at the same time almost-surely visiting only
finitely often vd can be done by choosing vb from va more and more often as compared to
choosing vd, in a way such that choosing vd infinitely often has probability 0, yet vd is visited
infinitely often in all outcomes where vc is no longer visited from some point on.

2.2 Subgames and traps
Let SurePrei : 2V → 2V and PosPrei : 2V → 2V be respectively the sure and positive
predecessor operator for Player i defined, for all U ⊆ V , by SurePrei(U) = {v ∈ Vi |
E(v)∩U ̸= ∅}∪{v ∈ V3−i ∪V♢ | E(v) ⊆ U}, and by PosPrei(U) = {v ∈ Vi ∪V♢ | E(v)∩U ≠
∅} ∪ {v ∈ V3−i | E(v) ⊆ U}.

Given a set T ⊆ V , the sure attractor SureAttri(T ) for Player i is the least fixed
point of the operator X 7→ SurePrei(X) ∪ T , thus SureAttri(T ) =

⋃
j≥0 SurePrej

i (T ) (where
SurePre0

i (T ) = T ) and the positive attractor PosAttri(T ) for Player i is the least fixed point
of the operator X 7→ PosPrei(X) ∪ T .

Intuitively, from the vertices in SureAttri(T ) Player i has a memoryless strategy to ensure
eventually (in fact, within at most |V | rounds) reaching a vertex in T regardless of the
choices of Player 3 − i and of the outcome of the probabilistic transitions; from the vertices in
PosAttri(T ) Player i has a memoryless strategy to ensure reaching with positive probability
T regardless of the choices of Player 3 − i. We call such strategies the attractor strategies.

A set U ⊆ V induces a subgame of G, denoted by G↾U , if E(v) ∩ U ̸= ∅ for all v ∈
U ∩ (V1 ∪ V2), and E(v) ⊆ U for all v ∈ U ∩ V♢, that is, the two players can cooperate to
keep the play forever in U . Such a set U is a trap for Player i if, moreover, E(v) ⊆ U for

STACS 2026
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all v ∈ U ∩ Vi. For example, the set V \ PosAttri(T ) is always a trap for Player i. A key
property of traps is that if Player i has a sure (resp., almost-sure) winning strategy in G↾U

(for some objective ψ) from an initial vertex v ∈ U where U is a trap for Player 3 − i, then
Player i has a sure (resp., almost-sure) winning strategy in G from v for ψ.

Consider a set U ⊆ V that only satisfies the condition E(v)∩U ≠ ∅ for all v ∈ U∩(V1∪V2),
as it is the case for U = V \ SureAttri(T ). Let Bnd(U) = {v ∈ U ∩ V♢ | E(v) ̸⊆ U} be the set
of (boundary) probabilistic vertices in U with a successor outside U . Define the subgame
closure ⌈G⌉U = ⟨U ′, (U1, U2, U♢), E′, δ′⟩ by redirecting the (probabilistic) transitions leaving
U to a sink vertex, formally (see also Figure 4):

U ′ = U ∪ {vsink},
U1 = U ∩ V1; U2 = U ∩ V2; U♢ = (U ∩ V♢) ∪ {vsink},
E′ = E ∩ (U × U) ∪ Bnd(U) × {vsink} ∪ {(vsink, vsink)},
δ′(v)(v′) = δ(v)(v′) for all v ∈ U♢ and v′ ∈ U ; δ′(v)(vsink) =

∑
v′∈V \U δ(v)(v′) for all

v ∈ U♢; and δ′(vsink) = 1vsink .
Note that if U induces a subgame of G, then ⌈G⌉U is the disjoint union of G↾U and {vsink}. We
generally assign priority Ω1(vsink) = Ω2(vsink) = 0 to the sink vertex, making it winning for
Player 1. Then the key property is that if Player 1 does not have a sure (resp., almost-sure)
winning strategy in ⌈G⌉U (for some objective ψ) from an initial vertex v ∈ U , then Player 1
does not have a sure (resp., almost-sure) winning strategy in G from v for ψ.

3 Conjunction of Parity Conditions

It will be useful in the sequel to consider conjunctions of parity conditions: Our algorithm
(Section 5) needs to compute the almost-sure winning region for the conjunction Parity(Ω1) ∩
Parity(Ω2) of two parity objectives.

We revisit the problem of transforming an objective specified as the conjunction of two
parity conditions into an objective specified by a single parity condition. The transformation
is always possible because the parity condition is a canonical way to express ω-regular
objectives, and the class of ω-regular objectives is closed under Boolean operations [28].
However, we were unable to find a direct construction in the literature, in particular a
construction that would incur only a polynomial blowup when either of the two priority
functions has a fixed range (i.e., when the number of priorities is fixed in one of the parity
conditions).

Such a construction being of independent interest (e.g., in formal languages and automata
theory), we present it using automata models without referring to objectives and games. A
deterministic automaton over a finite alphabet Σ is a tuple A = ⟨Q, qε, δ, α⟩ consisting of a
finite state space Q, an initial state qε ∈ Q, a transition function δ : Q × Σ → Q, and an
acceptance condition (which defines a subset of Qω), here a conjunction of parity conditions.
A run of A on an infinite word w = σ0σ1 . . . is a sequence q0q1 . . . such that q0 = qε and
δ(qi, σi) = qi+1 for all i ≥ 0, hence every word has a unique run. Given priority functions
Ω1,Ω2 : Q → N, the set L(A) of all words whose run satisfies the parity conditions Parity(Ω1)
and Parity(Ω2) is called the language of A. We denote such automata by D2PW, and in the
special case where Ω1 = Ω2 by DPW, which is the classical deterministic parity automata.

The blowup in the transformation of D2PW into DPW is inevitably exponential, as
shown in [6, Theorem 9] and confirmed by the fact that games with a conjunction of two
parity objectives are coNP-complete [10], whereas with a single parity objective they are in
NP ∩ coNP [18]. A natural path for this transformation is to view the parity condition as a
special case of Streett conditions [6] which are closed under intersection, then to convert the
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If Ω1(v) =

then Ω12(v) =

0 1 2 3 . . . d . . .

0 . . .

offset
+
r0

d2 d2+1
odd

value

d2+2 . . .

offset
+
r2

2d2+2 2d2+3
odd

value

. . .

offset
+
rd

d·(d2+2)
2

Figure 2 Construction of the priority function Ω12 for the conjunction of the parity condition
defined by the priority functions Ω1 and Ω2. The offset for an even Ω1-priority d is calculated as
d
2 · (d2 + 2). The register rd stores the largest Ω2-priority since the last visit to an Ω1-priority d.

Streett automaton (obtained from the D2PW) into a DPW. Priority functions with range
[d1] = {0, . . . , d1} and [d2] = {0, . . . , d2} give k = O(d1 + d2) Streett pairs, and the blowup
in the conversion to DPW is by a factor in O(kk) [27]. A key observation is that this is an
exponential blowup, even if one of d1 or d2 is constant. The approach “flattens” the parity
conditions by “merging” them, which also happens when using (nondeterministic) Büchi
automata1 [6, Section 3.1].

In contrast, we present a direct construction of DPW from D2PW that is conceptually
simple and with a blowup of at most O(max(dd2/2

1 , d
d1/2
2 )), thus polynomial if either of the

priority functions has a fixed range.

The construction

Given a D2PW where the largest priority in the two parity conditions are d1 and d2, we
construct an equivalent DPW where the largest priority is O(d1 · d2). We informally refer to
priorities defined by a priority function Ωi as Ωi-priorities. It will be convenient to assume
that d2 is even, which is without loss of generality (we may increment d2 if d2 is odd).

Intuitively, given a finite run τ = q0q1 . . . qk on some finite word w in the D2PW, where
the priorities are Ω1(τ) = a0a1 . . . ak and Ω2(τ) = b0b1 . . . bk, the run of our DPW on w has
priority sequence c0 . . . ck with the following properties (see also Figure 2):
(P1) if the Ω1-priority ak is odd, then ck is odd and the value of ck depends only on ak;
(P2) for all runs τ ′ on some finite word w′ in the D2PW, with Ω1(τ ′) = a′

0 . . . a
′
k, if ak < a′

k

then ck < c′
k (where c′

k is the priority of the last state in the run of our DPW on w′); this
is achieved by allocating disjoint segments where the value of ck may lie. The segment
associated with ak has range [d2] if ak is even, and it is a single odd value if ak is odd;

(P3) if the Ω1-priority ak is even, then the value of ck is calculated as the sum of an
offset ν(ak) corresponding to the origin of the segment associated with ak and the largest
Ω2-priority since the previous visit to the Ω1-priority ak (or since the beginning of the
run if ak is visited for the first time in τ). That is, ck = ν(ak) + max{bi, bi+1, . . . , bk−1}
where i is the largest index smaller than k such that ai = ak (or, i = 0).

1 There is a quadratic translation of DPW into nondeterministic Büchi automata, the intersection of Büchi
automata gives a Büchi automaton with polynomial blowup, but going back to DPW is exponential [25].
This approach also “flattens” the parity condition in the sense that the exponential is in both d1 and d2.

STACS 2026
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In order to satisfy (P3), the DPW automaton maintains, for each even Ω1-priority d,
a register rd that contains the largest Ω2-priority since the previous visit to a state with
Ω1-priority d (or since the beginning of the run).

Given a D2PW A = ⟨Q, qε, δ, α⟩ where the acceptance condition α is a conjunction of
parity conditions defined by two priority functions Ω1 and Ω2, let A′ = ⟨Q′, q′

ε, δ
′, α′⟩ be the

DPW defined as follows:
Q′ = Q× [d2][d1]even where [d1]even = {0, 2, . . . , 2⌊ d1

2 ⌋}; a state (q, r0, r2, . . . , r2⌊ d1
2 ⌋) ∈ Q′

consists of a state q of A and, for each even Ω1-priority d, a register rd with range
[d2] = {0, . . . , d2};
q′

ε = (qε, 0, 0, . . . , 0);
for every state (q, r0, r2, . . . , r2⌊ d1

2 ⌋) ∈ Q′ and σ ∈ Σ, define δ((q, r0, r2, . . . , r2⌊ d1
2 ⌋), σ) =

(q′, r′
0, r

′
2, . . . , r

′
2⌊ d1

2 ⌋
) where q′ = δ(q, σ) and for every d ∈ [d1]even:

r′
d =

{
max(rd,Ω2(q)) if Ω1(q) ̸= d

Ω2(q) if Ω1(q) = d

the acceptance condition α′ is a parity condition defined by the priority function Ω12

such that Ω12(q, r0, r2, . . . , r2⌊ d1
2 ⌋) =

{
d·(d2+2)+d2

2 if d = Ω1(q) is odd
d·(d2+2)

2 + rd if d = Ω1(q) is even
The value ν(d) = d·(d2+2)

2 is called the offset corresponding to even Ω1-priority d (see
Figure 2).

▶ Example 1. In Figure 3, on the left side, we have an input D2PW A with states Q
and alphabet {a, b}. To accept a word, it must visit q3 infinitely often. In the figure,
above every state q ∈ Q, we write the priorities Ω1(q) and Ω2(q) in parentheses. Thus
Ω1(q0) = Ω1(q1) = 0, Ω1(q2) = 2, Ω1(q3) = 1 and Ω2(q0) = 5, Ω2(q1) = 3, Ω2(q2) = 1,
Ω2(q3) = 6.

In the figure on the right, we show the constructed automaton A′ with states Q′. Note
that the only even priorities that appear on the first dimension for automaton A are 0 and 2.
As stated above, the initial state of A′ is q′

0 = (q0, 0, 0). As the automaton A reads a letter
and moves to state q1 from q0, then the maximum priority seen on the second dimension
since the last visit to a state q with Ω1(q) = 0 is 5 and the maximum priority seen on the
second dimension since the last visit to a state q with Ω1(q) = 2 is also 5. Hence A′ moves
to a state (q1, 5, 5) from the initial state (q0, 0, 0). The automaton A then reads another
letter to move to q2 from q1. For d = 0, we have that q1 is the last state q visited before the
current visit to q2 such that Ω1(q) = 0. Since Ω2(q1) = 3, we now move to the state (q2, 3, 5)
in A′. From q2, if A now reads a letter and moves to q0, since Ω1(q2) = 2 and Ω2(q2) = 1,
we move to the state (q0, 3, 1) in A′. The other states in A′ can be defined similarly.

Now we describe the priority function Ω12. Note that d2 = 6. Since Ω1(q0) = 0 which is
even, we have that Ω12(q0, 0, 0) = 0·8

2 + r0 = 0 + 0 = 0. Again, since Ω1(q1) = 0, we have
that Ω12(q1, 5, 5) = 0·8

2 + r0 = 0 + 5 = 5. For the state (q2, 3, 5), since Ω1(q2) = 2, we have
that Ω12(q2, 3, 5) = 2·8

2 + r2 = 8 + 5 = 13. For the state (q3, 3, 1), since Ω1(q3) = 1 which is
odd, we have that we have that Ω12(q3, 3, 1) = 1·8+6

2 = 7. For the other states in Q′, the
parity function Ω12 can be defined analogously. The priority corresponding to each state in
A′ appears above the state in the figure. Further, for every transition from a state (q, r2, r4)
to a state (q′, r′

2, r
′
4) in A′, we have a corresponding transition from state q to q′ in A and

the letter labelling the transition in A′ is the same as the letter labelling the transition in A.
To avoid clutter, we did not add these letters on the transitions in the figure describing A′.
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q0

(0,5)

q1

(0,3)

q2

(2,1)
q3

(1,6)

a, b

a, b
a

b

a, b

q0, 0, 0 q1, 5, 5 q2, 3, 5 q0, 3, 1

q3, 3, 1 q2, 6, 6 q3, 6, 1 q0, 6, 1

0 5 13 3

7 14 7 6

Figure 3 An example of a D2PW (left) and the DPW constructed (right).

The number of priorities in A′ is in O(d1 · d2) and the blowup in the number of states is
by a factor dd1/2

2 . By exchanging the two priority functions in our construction, we obtain
a blowup factor of dd2/2

1 , and we can choose the construction with the smaller of the two
factors.

▶ Theorem 2. Given a D2PW A, we can construct a DPW A′ such that L(A) = L(A′), the
number of priorities in A′ is O(d1 · d2), and the blowup in the number of states (of A′ as
compared to A) is by a factor

√
min(dd2

1 , d
d1
2 ).

As a corollary, the transformation in Theorem 2 is polynomial when either of the priority
functions in the D2PW has a fixed (but arbitrary) range. In particular, it follows that the
complexity of the synthesis problem for games with a conjunction of two sure (or almost-sure)
parity conditions, which is coNP-complete in general, becomes NP ∩ coNP when either of the
priority functions defining the parity conditions has a fixed range, as it reduces in polynomial
time to a standard parity game.

Note that the same construction can be used to transform a disjunction of two parity
conditions into a single parity condition. This follows since ψ1 ∪ ψ2 = (ψc

1 ∩ ψc
2)c and

because the complement of a parity condition defined by a priority function Ω is also a parity
condition, defined by the priority function Ω+1.

4 Winning Strategy and Winning Region

We describe informally a sure-almost-sure winning strategy for Player 1. We start by playing
an almost-sure winning strategy for the conjunction of parity objectives Parity(Ω1)∩Parity(Ω2).
Conjunction of parity objectives can be expressed as a single parity objective over an
exponentially larger game graph (Theorem 2) and therefore we can assume that the almost-
sure winning strategy uses finite memory.

To guarantee sure winning for the first objective, the crux is then to avoid outcomes that
violate Parity(Ω1) (which is possible, though with probability 0) by switching from time to
time to a strategy that ensures a visit to a large even priority for Ω1, ignoring the second
objective thus possibly at the price of visiting a large odd priority for Ω2, then switching back
to an almost-sure winning strategy for the conjunction of objectives. The switching should
be so rare that the probability of switching infinitely often, thereby potentially violating
the second objective Parity(Ω2), would be 0. On the other hand, the switching should still
guarantee in all cases to eliminate the possibility of a single outcome violating Parity(Ω1).
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A

B

d

SureAttr
G
1 (V (Ω1, d))

vsink

Figure 4 Decomposition of a winning region with
an even largest Ω1-priority d, into the sure attractor
A (for Player 1) to d and the subgame closure of
B = V \ A.

A

B

d

PosAttr
G
2 (V (Ω1, d))

Figure 5 Decomposition of a winning region
with an odd largest Ω1-priority d, into the
positive attractor A (for Player 2) to d and
the subgame induced by B = V \ A.

Intuitively, a condition for switching is to have seen in the play a long sequence of odd
priorities, without seeing any larger priority. Given odd priority p and integer N , let

Unlucky(p,N) = {ρ ∈ V ω | the first N elements of πΩ1≥p(ρ) are p}

be the event that at least N priorities ≥ p occur and the first N such priorities are p.
In the MDP obtained after fixing an almost-sure winning strategy for Parity(Ω1) in the

game G, it becomes unlikely to be unlucky (i.e., to observe Unlucky(p,N)) as N grows to
infinity.

▶ Lemma 3. Consider an MDP with a priority function Ω1 defining the parity objective
ψ = Parity(Ω1), such that Prσ

v (ψ) = 1 for all vertices v ∈ V and all strategies σ. Let p be an
odd priority in the range of Ω1. Then for all ε > 0, there exists Nε such that for all strategies
σ and all vertices v, we have Prσ

v (Unlucky(p,Nε)) < ε.

Intuitively, since Unlucky(p,N) happens with positive probability, and if Player 1 switches
from an almost-sure winning strategy whenever the event Unlucky(p,N) happens, using
Borel-Cantelli lemma [17], Player 1 will then switch (even infinitely often) with probability 1.
This holds for all fixed N even though the probability to be unlucky can be made arbitrarily
small by choosing N appropriately (according to Lemma 3). It is undesirable to switch
infinitely often, as this may cause the violation of the second parity objective. However, if we
increase N upon seeing N priorities ≥ p (whether unlucky or not), the probability to switch
infinitely often may be reduced to 0, which is acceptable.

For all i > 0, let Ni = Nε where Nε is defined by Lemma 3 for ε = 2−i. Using this
sequence (Ni), we show that the probability to never be unlucky from some round i can
be (lower) bounded by the expression

∏
j≥i

(
1 − 2−j

)
. Simple calculations show that this

expression tends to 1 as i → ∞ (e.g., see the proof of [5, Lemma 12]).

Characterisation of the winning region
We present two lemmas giving characterisations of (1) the sure-almost-sure winning region W
(for Player 1) when its largest Ω1-priority is even, and (2) the sure-almost-sure spoiling
region V \ W (for Player 2) when its largest Ω1-priority is odd. These are the base cases
required to establish the correctness of the recursive algorithm that we present in Section 5.
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The symmetric cases, where the largest Ω1-priority is odd in the winning region or is even
in the spoiling region, are solved by recursive calls on subgames with a smaller number of
Ω1-priorities.

In Lemma 4, we show that the sure-almost-sure winning region W , which is a trap for
Player 2 (inducing a subgame in which all vertices are winning), is characterised, when its
largest Ω1-priority d is even, by the existence of (see also Figure 4):

an almost-sure winning strategy σAS for Player 1, for objective Parity(Ω1) ∩ Parity(Ω2);
a sure-almost-sure winning strategy σsub for Player 1 for the parity objectives
Parity(Ω1) and Parity(Ω2) in the subgame closure ⌈G⌉B, where B = V \ A and
A = SureAttr1(V (Ω1, d)).

It is easy to show that these conditions are necessary for Player 1 to win in W , and the
crux of Lemma 4 is to show that they are sufficient as well, by constructing a sure-almost-sure
winning strategy σ1 from σAS , σsub, and the attractor strategy σAttr in A. We describe σ1
informally when the sure winning objective is a Büchi condition, namely the priorities are
{1, 2}: a sure-almost-sure winning strategy first plays like σAS , and sets a horizon N by
which priority 2 should be visited at least once. The larger is N , the more likely this would
happen (Lemma 3). Nevertheless, in order to ensure the stronger objective of sure winning
for Parity(Ω1), the strategy σ1 deviates from σAS in the unlucky event that priority 2 is not
visited within horizon N : as long as the history remains in B, we follow the sure-almost-sure
winning strategy σsub, and whenever the history enters A we follow the attractor strategy
σAttr until priority 2 is visited and then continue with σAS . The attractor strategy may
endanger the (almost-sure) satisfaction of the second parity objective, for instance by visiting
a large odd Ω2-priority. We ensure that the probability that this happens infinitely often
is 0 by increasing the horizon N as described after Lemma 3. The generalization of this
construction to a sure parity objective is technical, requiring to track each Ω1-priority, but
conceptually analogous.

▶ Lemma 4. Let G be a stochastic game with sure-almost-sure parity objective induced
by the priority functions Ω1,Ω2, such that the largest Ω1-priority d in G is even. Let
A = SureAttr1(V (Ω1, d)) and let B = V \A.

All vertices in G are sure-almost-sure winning for Player 1 for the parity objectives
Parity(Ω1) and Parity(Ω2) if and only if:

all vertices in G are almost-sure winning for Player 1 for the objective Parity(Ω1) ∩
Parity(Ω2), and
all vertices in ⌈G⌉B are sure-almost-sure winning for Player 1 for the parity objectives
Parity(Ω1) and Parity(Ω2).

Proof. We first show that the conditions in the lemma are sufficient to ensure that all vertices
in G are sure-almost-sure winning for Player 1.

Let σAS be an almost-sure winning strategy for Player 1 for the objective Parity(Ω1) ∩
Parity(Ω2), let σAttr be the sure-attractor strategy to V (Ω1, d), and σsub be sure-almost-sure
winning strategy for Player 1 for the parity objectives Parity(Ω1) and Parity(Ω2) in ⌈G⌉B .

We define a strategy σ1 for Player 1, and then show that it is sure-almost-sure winning.
The strategy uses a Boolean flag unlucky and integer variables kp, ip for each odd priority p
occurring in G. The variable kp is a pointer to a position in the history, and ip is the phase
number associated with priority p. Initially unlucky = ⊥ (false) and kp = ip = 0 for all odd p.

Given a history τ ∈ V ∗V1, the value σ1(τ) and the update of the variables are defined by
executing the following instructions sequentially, and terminating when an instruction play
is executed (where the sequence (Ni) was defined after Lemma 3):
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1. if Ω1(Last(τ)) = d, then set unlucky = ⊥ and play σAS(τ);
2. if unlucky = ⊥,

a. if |πΩ1≥p(τ(kp▷))| < Nip for all odd p, then play σAS(τ);
b. else, for each odd p such that |πΩ1≥p(τ(kp▷))| ≥ Nip

,
i. if the first Nip elements of πΩ1≥p(τ(kp▷)) are all p’s, then set unlucky = ⊤;
ii. increment ip, and set kp = |τ |;

3. if unlucky = ⊥, then play σAS(τ);
4. if unlucky = ⊤,

a. if Last(τ) ∈ B, then play σsub(τ ′) where τ ′ is the longest suffix of τ that is entirely in
B;

b. else Last(τ) ∈ A, and play σAttr(τ).

Note that a play of G that remains in B is also a play in ⌈G⌉B , hence using the strategy
σsub in Condition 4a is well-defined.

We show that σ1 is sure-almost-sure winning. First show that σ1 is sure winning for
objective Parity(Ω1). Consider an arbitrary outcome ρ of σ1, let pmax be the largest priority
(according to Ω1) occurring infinitely often in ρ, and consider a position k̂ in ρ after which no
priority larger than pmax occurs. We show that pmax is even. We proceed by contradiction,
assuming that pmax is odd (hence pmax < d). Then along ρ, the variable unlucky must be
infinitely often equal to ⊤, since condition 2(b)i holds infinitely often (after position k̂, that
is, when kpmax > k̂). Condition 1 never holds after position k̂, Condition 4 holds infinitely
often. After position k̂, Condition 4b does not hold, because otherwise priority d > pmax
would occur. Hence Condition 4a always holds after position k̂ and thus the suffix of ρ is an
outcome of the sure-almost-sure winning strategy σsub(τ ′), hence pmax is even and not odd,
which establishes the contradiction. Hence pmax is even and σ1 is sure winning for objective
Parity(Ω1).

Second, we show that σ1 is almost-sure winning for objective Parity(Ω2). Note that, under
the event that always unlucky = ⊥ from some point on, the strategy σ1 plays like σAS , and
thus the parity objective Parity(Ω2) holds with probability 1 thanks to prefix independence
of parity objectives. To complete the proof, we show that the event that unlucky = ⊥ always
holds from some point on has probability 1. By the choice of Ni (see Lemma 3), for all
strategies of Player 2 the probability that unlucky = ⊥ always holds after round i is at least∏

j≥i

(
1 − 2−j

)
, which tends to 1 as i → ∞ (e.g., see the proof of [5, Lemma 12]).

We now prove the converse. Consider a game G where all vertices are sure-almost-sure
winning for Player 1 for the parity objectives Parity(Ω1) and Parity(Ω2). First, since sure
winning implies almost-sure winning, the first condition holds. Second, a sure-almost-sure
winning strategy for Player 1 can be played in ⌈G⌉B , and either the play always remains in B,
or it eventually stays in the winning vertex vsink. In both case, Player 1 is sure-almost-sure
winning for the parity objectives, showing that the second condition holds. ◀

The sure-almost-sure spoiling region V \W may not induce a subgame in general, since
probabilistic vertices may “leak” in the winning region. Lemma 5 gives a characterisation of
the spoiling region in the case that it induces a subgame, which is sufficient for proving the
correctness of our algorithm.

If Player 2 has a spoiling strategy (from every initial vertex) in the game obtained from a
game G with an odd largest Ω1-priority d by removing the positive attractor (for Player 2)
to d, then he has a spoiling strategy in the original game G as well (see also Figure 5). The
standard composition a spoiling strategy in the subgame with a (positive) attractor strategy
gives a spoiling strategy in the original game, as shown in the proof of Lemma 5.
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▶ Lemma 5. Let G be a stochastic game with sure-almost-sure parity objective induced
by the priority functions Ω1,Ω2, such that the largest Ω1-priority d in G is odd. Let A =
PosAttrG

2 (V (Ω1, d)) and let B = V \A.
The sure-almost-sure winning region for Player 1 in G for the parity objectives Parity(Ω1)

and Parity(Ω2) is empty if and only if the sure-almost-sure winning region for Player 1 in
G↾B for the same objectives is empty.

5 Algorithm

We present an algorithm for the sure-almost-sure synthesis problem that computes the
winning region of Player 1 by a recursive procedure in the style of Zielonka’s algorithm [30].
The base case is when the game is empty or contains only the sink vertex vsink. Then, two
cases are possible:

if the largest Ω1-priority d in V is even, the first step is to compute the almost-sure
winning region WAS for the conjunction Parity(Ω1)∩Parity(Ω2) of parity objectives, which
is a trap for Player 2 and an over-approximation of the sure-almost-sure winning region.
This can be done by expressing the conjunction of parity objectives as a single parity
objective over an exponentially larger game graph (Theorem 2), and using standard
algorithms for almost-sure parity [11, 12]. In the subgame G↾WAS

induced by V = WAS ,
compute the sure attractor A for Player 1 to the vertices with priority d, then solve
(recursively) the subgame closure ⌈G⌉V \A. If all vertices in the subgame closure are
winning for Player 1 (line 9), then by the characterisation of Lemma 4 all vertices in G
are also winning for Player 1. Otherwise, some set B ⊆ V \A of vertices in the subgame
closure is not winning for Player 1, and by the key property of subgame closures, those
vertices are also not winning in G. Removing the positive attractor for Player 2 to B, it
remains to solve (recursively) the subgame G↾V \B (line 13).
if the largest Ω1-priority d in V is odd, the algorithm proceeds analogously, computing the
positive attractor A for Player 2 to the vertices with priority d, then solving (recursively)
the subgame G↾V \A, using the characterisation in Lemma 5 if no vertex is winning for
Player 1 (line 20), or the key property of traps and subgame closures otherwise (line 24).

We prove the correctness of Algorithm 1 by induction on the size of the game, defined as
the number |V \ {vsink}| of vertices excluding the sink vertex. Consider a stochastic game
G = ⟨V,E, δ⟩, and in the base case where there is no vertices other than vsink, the winning
region is V (line 1 of Algorithm 1).

Now let the number of vertices other then vsink be n+ 1 (n ≥ 0) and assume Algorithm 1
computes the winning regions in all games of size at most n. Let d be the highest Ω1-priority
assigned to a vertex in V .

First, consider the case that d is even. The algorithm removes the vertices that are not
almost-sure winning for the conjunction Parity(Ω1) ∩ Parity(Ω2) of parity objectives, as they
cannot be sure-almost-sure winning. Then let V = WAS (line 5), let Z ⊆ V be the set of all
vertices with priority d, and let A = SureAttr1(Z). Since Z ̸= ∅ and Z ⊆ A, the set V \A
has strictly fewer vertices (other than the sink) than V and by the induction hypothesis we
get that W ′

1 (line 8) is the winning region of Player 1 in the subgame closure ⌈G⌉V \A) (and
W ′

2 = V \W ′
1 that of Player 2). We now consider the following two cases.

1. if W ′
2 = ∅, then W1 = V by the characterisation of Lemma 4, that is Player 1 wins from

every vertex in G.
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Algorithm 1 solve(G) to compute the sure-almost-sure winning region for parity objectives.

Input: Stochastic two-dimensional parity game given by G = (V1, V2, E) and (Ω1,Ω2)
Output: Sure-almost-sure winning region W1, and losing region W2, for the parity objectives

Parity(Ω1) and Parity(Ω2).
1: if V = ∅ or V = {vsink} then return V
2: d = maxv∈V Ω1(v)
3: if d is even then
4: G = G↾WAS

▷ WAS is the almost-sure winning region for Parity(Ω1) ∩ Parity(Ω2).
5: V = WAS

6: Z = {v ∈ V | Ω1(v) = d} ▷ Z may be empty.
7: A = SureAttr1(Z)
8: W ′

1,W
′
2 = solve(⌈G⌉V \A)

9: if W ′
2 = ∅ then

10: return W1 = V,W2 = ∅
11: else
12: B = PosAttr2(W ′

2)
13: W ′′

1 ,W
′′
2 = solve(G↾V \B)

14: return W1 = W ′′
1 ,W2 = W ′′

2 ∪B

15: else
16: Z = {v ∈ V | Ω1(v) = d} ▷ Z is nonempty.
17: A = PosAttr2(Z)
18: W ′

1,W
′
2 = solve(G↾V \A)

19: if W ′
1 = ∅ then

20: return W1 = ∅,W2 = V

21: else
22: B = SureAttr1(W ′

1)
23: W ′′

1 ,W
′′
2 = solve(⌈G⌉V \B)

24: return W1 = B ∪W ′′
1 \ {vsink},W2 = W ′′

2

2. if W ′
2 ̸= ∅, then let B = PosAttr2(W ′

2) in G, and since vsink ̸∈ W ′
2 we can apply the

induction hypothesis to conclude that W ′′
1 is the winning region of Player 1 in the

subgame G↾V \B (line 13). Since V \B is a trap for Player 2, the key property of traps
(see Section 2.2) ensures that W ′′

1 , returned by the algorithm, is also winning for Player 1
in the game G.

We now consider the case that d is odd. Thus the set Z ⊆ V all vertices with priority d is
nonempty, and let A = PosAttr2(Z) ̸= ∅. By the induction hypothesis, the set W ′

1 (line 18)
is the winning region of Player 1 in the subgame G↾V \A. We now consider the following two
cases.
1. if W ′

1 = ∅, then W1 = ∅ by the characterisation of Lemma 5, that is Player 1 wins from
nowhere in G.

2. if W ′
1 ̸= ∅, then let B = SureAttr1(W ′

1) in G. We can apply the induction hypothesis
to conclude that W ′′

1 is the winning region of Player 1 in the subgame closure ⌈G⌉V \B

(line 23). To show that B ∪W ′′
1 is the winning region of Player 1 in G, note that W ′

1 is a
trap for Player 2 in the subgame G↾V \A and that B is a trap for Player 2 in the game G.
Consider the strategy of Player 1 defined as follows: (1) in W ′

1, play like a sure-almost-sure
winning strategy in the subgame G↾V \A) (which exists and is also a sure-almost-sure
winning strategy in G); (2) in B \ W ′

1, play the (sure) attractor strategy to reach W ′
1;
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(3) in W ′′
1 , play like a sure-almost-sure winning strategy in the subgame G↾V \A) (which is

well-defined in the game G). It is immediate that this strategy is sure-almost-sure winning
from B and we show that it is also the case from W ′′

1 . To show sure winning for the first
parity objective, consider an outcome of the strategy from W ′′

1 , and either the outcome
remains in W ′′

1 and thus satisfies the parity condition by (3), or the outcome eventually
leaves W ′′

1 , thus reaching B from where it follows some path that satisfies the parity
condition by (1) and (2). Prefix-independence ensures that the outcome from W ′′

1 also
satisfies the parity condition. To show almost-sure winning for the second parity objective,
the argument is similar, considering the conditional probability that the play eventually
remains in W ′′

1 or leaves W ′′
1 and showing that in both cases, the parity objective is

satisfied almost-surely.

The structure of Algorithm 1 is similar to Zielonka’s algorithm for parity games [30], and
so is the complexity analysis. The main difference is that we also need to solve stochastic
games with a conjunction of almost-sure parity conditions (line 4). Using the construction in
Section 3, and denoting by ASPG(N, d) the time complexity of solving almost-sure parity
games with N vertices and largest priority d, this can be done in time ASPG(N, d1 ·d2) where
N = n ·

√
min(dd2

1 , d
d1
2 ) and n is the number of vertices in the game.

Let T d1
n be the running time of Algorithm 1 on a game with n vertices and largest

Ω1-priority d1. The running time also depends on the largest Ω2-priority d2, but we keep
this parameter implicit, as it does not change through the recursive calls.

The crux of the analysis is to see that in the recursive calls ⌈G⌉V \A (line 8 and 18),
the largest Ω1-priority in the game ⌈G⌉V \A is at most d1 − 1, and in the recursive calls
solve(⌈G⌉V \B) (line 13 and 23), the number of vertices in the game ⌈G⌉V \B is at most n− 1.
Hence there is at most n recursive calls for a given largest Ω1-priority d1.

Besides the recursive calls and the solution of almost-sure parity games, the other
computation can be done in polynomial time (such as computing attractors), thus bounded
by ASPG(N, d). Hence we obtain the condition T d1

n ≤ n · (T d1
n−1 + ASPG(N, d1 · d2)), which

gives the (crude) bound T d1
n ∈ O(nd1 · ASPG(N, d1 · d2)).

6 Special Cases

We derive from Algorithm 1 several results for subclasses of the sure-almost-sure synthesis
problem, giving a refined and more complete view of the problem. The results are presented
in Table 1 where the rows (resp., columns) denote the sure (resp., almost-sure) satisfaction for
Büchi, coBüchi, parity with fixed number of priorities (Parityf), and parity condition. For each
cell, we give (1) the smallest class of strategies that are sufficient for sure-almost-sure winning,
according to the classification types of memoryless, finite-memory, and infinite-memory
strategies, and (2) the complexity of solving the decision problem. All results are tight, in
particular the complexity bounds: either the lower and upper bound match (completeness
result), or the upper bound is the same as in a special case of the problem for which no
matching lower bound is known, such as games with a (single) parity objective (with an
NP ∩ coNP bound).

The new results in Table 1 appear in blue. The other results are either known from
previous works, or trivially follow from the new results.

It is known that the general synthesis problem for sure-almost-sure winning is coNP-
complete [13] and that infinite memory is necessary for the conjunction of sure Büchi and
almost-sure coBüchi, already in MDPs [5]. It is immediate from the running-time analysis
of Algorithm 1 that the problem is in P when both d1 and d2 are constant. The remaining
results of Table 1 are established below.
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Table 1 Memory requirement (0 stands for memoryless) and complexity bound for the special
cases. New results appear in blue.

AS, −→
S, ↓ Büchi coBüchi Parityf Parity

Büchi finite, P ∞ [5], P ∞, P ∞, NP ∩ coNP
coBüchi 0, P 0, P 0, P 0, NP ∩ coNP
Parityf finite, P ∞, P ∞, P ∞, NP ∩ coNP
Parity finite, NP ∩ coNP ∞, NP ∩ coNP ∞, NP ∩ coNP ∞, coNP-C [13]

W1

W1 \ A

d

A

Figure 6 Decomposition in a certificate for
winning region W1 with largest priority even.

W1

d

R1

R2

...

Rk

U1

U2

...

Uk

Figure 7 Decomposition in a certificate for
winning region W1 with largest priority odd.

6.1 One of the parity objectives has a fixed number of priorities
We show that the sure-almost-sure synthesis problem can be solved in NP when one of the
two parity objectives has a fixed number d of priorities. Formally, an instance of the problem
is now a stochastic game G and two priority functions Ω1 : V → N and Ω2 : V → {0, . . . , d},
or vice versa, that is, Ω1 : V → {0, . . . , d} and Ω2 : V → N. An NP algorithm is to guess the
winning region W1 of Player 1 and some of the sets that Algorithm 1 would compute when
executed on ⌈G⌉W1 as a witness and verify that the guess is correct. Executing Algorithm 1
on a game where all vertices are winning sounds useless (we already know that all vertices
are winning anyways), but it will be essential in order to define and prove the existence of
certain sets (used by Algorithm 1 in intermediate computation) that we use to construct
certificates in our NP algorithm.

We now give some intuition of how to define certificates of correctness for a guessed
(winning) region W1. The certificates are defined inductively for W1 with largest Ω1-priority
d, based on certificates for subsets of W1 with largest Ω1-priority at most d− 1 (following the
recursive structure of Algorithm 1). The formal proof shows that the inductive certificates
can be checked in polynomial time. First the region W1 must be a trap for Player 2 (which
can be checked in O(E), and ensures that the subgame ⌈G⌉W1 is well defined).

1. If the largest Ω1-priority d in W1 is even (see Figure 6), the certificate consists of (1) a
certificate that the region W1 is almost-sure winning for the conjunction Parity(Ω1) ∩
Parity(Ω2) of parity objectives (such a certificate exists and can be verified in polynomial
time by the remark at the end of Section 3), and (2) (inductively) a certificate that the
region W1 \A is sure-almost-sure winning, where A = SureAttr1({v ∈ W1 | Ω1(v) = d})
(see also lines 6,7 in Algorithm 1). The inductive certificate for W1 \ A exists by the
characterisation given in Lemma 4.
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2. If the largest Ω1-priority d in W1 is odd (see Figure 7), the certificate consists of (1) a
partition U1, . . . , Uk of W1 into k ≤ |W1| blocks; (2) nonempty sets R1, . . . , Rk such that
Ri ⊆ Ui \ {v ∈ W1 | Ω1(v) = d} is a trap for Player 2 in ⌈G⌉W1\(U1∪···∪Ui−1) that contains
no vertex with Ω1-priority d and such that Ui = SureAttr1(Ri) (defined in the subgame
⌈G⌉W1\(U1∪···∪Ui−1)), for all 1 ≤ i ≤ k; and (3) (inductively) k certificates showing that
each region Ri (i = 1, . . . , k) is sure-almost-sure winning in the game ⌈G⌉W1\(U1∪···∪Ui−1).
Here, the certificate corresponds to the sets computed by Algorithm 1 in the subgame
⌈G⌉W1 as follows: the set R1 is the value of W ′

1 (line 18 of Algorithm 1), the set U1 is
the value of B (in the else-clause at line 22 of Algorithm 1), and the sets Ri and Ui for
i = 2, . . . , k are obtained in a similar in way in the (i− 1)-th recursive call (at line 23 of
Algorithm 1). Note that the set U1 is well defined because the then-clause at line 20 is
never executed when the entire state space V = W1 ̸= ∅ is sure-almost-sure winning for
Player 1, since if W ′

1 was empty, then W1 would be empty by the characterisation given
in Lemma 5.

▶ Theorem 6. The sure-almost-sure synthesis problem can be solved in NP when one of the
two parity objectives has a fixed number d of priorities.

Now we analyze the amount of memory in winning strategies for relevant special cases of
parity objectives.

6.2 No memory for sure coBüchi and almost-sure parity
For the conjunction of sure coBüchi and almost-sure parity objectives, memoryless strategies
are sufficient for Player 1. To see this, consider the correctness proof of Algorithm 1 in the
case the largest Ω1-priority d is odd (which is the case for the coBüchi objective). The proof
constructs a sure-almost-sure winning strategy in the winning region, defined over the three
subregions W ′

1, B \W ′
1, W ′′

1 . In W ′
1, the largest Ω1-priority is 0 and the sure parity objective

is therefore trivially satisfied. Hence an almost-sure winning strategy for the second parity
objective is good enough, and thus can be chosen memoryless [12]. In the region B \W ′

1, a
sure attractor strategy is used, which is memoryless. Finally, in W ′′

1 we can use an argument
by induction over the number of vertices (memoryless strategies trivially suffice in empty
games) to show that memoryless strategies are sufficient for Player 1.

▶ Theorem 7. Memoryless strategies are sufficient for combined sure coBüchi and almost-sure
parity objectives.

6.3 Finite memory for sure parity and almost-sure Büchi
For the conjunction of sure parity and almost-sure Büchi objectives, we show that finite
memory is sufficient for Player 1, namely memory of size O(n · d1) where n is the number of
vertices in the game and d1 is the largest Ω1-priority. The proof is by induction on d1. The
case d1 = 0 reduces to just almost-sure parity (the sure parity objective is trivially satisfied),
and the case d1 = 1 corresponds to the conjunction of sure coBüchi and almost-sure parity
(Büchi) objectives. In both cases, memoryless strategies are sufficient, thus memory O(1)
(see Section 6.2 for the latter).

We proceed by induction for d1 ≥ 2. First, if d1 is even, then we construct a sure-
almost-sure winning strategy as follows. Using the characterisation of Lemma 4, the winning
region W1 must be almost-sure winning for both the parity and Büchi objectives, and it
can be decomposed into the sure attractor A to the vertices with Ω1-priority d1, and the
complement B = W1 \A that induces a sure-almost-sure winning subgame closure ⌈G⌉B . By
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induction hypothesis, there exists a sure-almost-sure winning strategy in ⌈G⌉B with memory
O(n · (d1 − 1)). A sure-almost-sure winning strategy in W1 is defined informally as follows:
as long as the current vertex is in B, play according to the sure-almost-sure winning strategy
in ⌈G⌉B . Whenever the current vertex is in A, play the sure attractor strategy until reaching
a vertex with Ω1-priority d1, and then play for n = |W1| rounds a (memoryless) almost-sure
winning strategy for the Büchi objective. The memory of the strategy is n+O(n · (d1 − 1))
thus O(n · d1) and we argue that the strategy is sure-almost-sure winning. To show that the
(first) parity objective is satisfied surely, consider an arbitrary outcome of the strategy, and
either it visits A infinitely often, and the also Ω1-priority d1 infinitely often, or it eventually
remains in B = W1 \A and thus follows a the sure-almost-sure winning strategy in ⌈G⌉B . In
both case the outcome satisfies the (first) parity objective. To show that the Büchi objective
is satisfied almost-surely, notice that, (1) conditional to visiting A infinitely often, there is a
bounded probability at least νn, where ν is the smallest non-zero probability in the game,
to visit a Büchi vertex after each visit to A, and thus probability 1 to visit a Büchi vertex
infinitely often; (2) conditional to visiting A finitely often, the play eventually remains in
B where the Büchi objective is satisfied with probability 1. Hence in both cases, the Büchi
objective is satisfied almost-surely.

Second, if d1 is odd, then the strategy construction in the correctness proof of Algorithm 1
gives a sure-almost-sure winning strategy with memory

∑k
i=1 O(ni ·(d1 −1)) where

∑k
i=1 ni =

n, and thus memory O(n · d1) is sufficient.

▶ Theorem 8. Finite-memory O(n · d1) strategies are sufficient for combined sure parity and
almost-sure Büchi objectives, where n is the number of vertices and d1 is the largest priority
in the sure parity objective.
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